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Abstract The ICT-based elderly monitoring systems attract great attention as a promising technology for home
elderly care. However, the conventional systems have limitations of deployment cost and invasiveness, effort of
activity labeling, and a lack of communication. To cope with the limitations, we proposed the new system that
captures activities of the elderly. Specificallly, in this paper, we focus on Auto Recognition in Activity Recognition
Service that composes the proposed system and implement Auto Recognition. Also, we collect sensor data and
activity logs and execute machine learning to evaluate Auto Recognition accuracy.
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